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Abstract

In recent years, deep convolutional neural network (DCNN), a deep learning method, has been widely used in the field of image
recognition. It not only significantly improves the recognition accuracy, but also can automatically learn and extract features layer
by layer to avoid complex feature extraction process of the traditional recognition algorithm. This paper firstly introduces the
DCNN for the profiled image recognition, and designs a fiber image recognition method based on a proposed DCNN. The
classification results of five types of profiled fibers show that the average recognition rate is 94.4% and significant improvements
are achieved in recognition accuracy as compared with SVM classifier.
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