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Abstract

The insufficiency of image detection method based on bottom feature extraction is analyzed and an optical remote sensing image
content retrieval method based on convolution neural network is proposed. Firstly, convolutional neural network is used to train
the rsscn7-master remote sensing image data set of the training sample. Image features are extracted from the sample to build the
image feature library. Then, Sofemax classifier is used to classify the feature map to achieve precise classification and improve
the accuracy of the model. Then, the model is tested with the help of the sample map or the actual optical remote sensing image
map, and good experimental results are obtained. Experimental results show that this method is effective in the content retrieval
of optical remote sensing images and has high retrieval accuracy.
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